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In industrial environments, the need for precise, consistent, and cost-efficient AI queries is continuously 
growing. Open chat interfaces often deliver unstructured, redundant, and variable responses that must 
be laboriously post-processed manually. Open chat queries are unstructured, ad-hoc questions posed to 
the LLM, in which users have to assemble wording and context themselves each time—unlike predefined, 
standardized prompt templates. A GenAI framework with predefined prompt templates provides a remedy 
here by centrally managing validated questions and guaranteeing standardized results. This whitepaper 
“From Chat to Structured Report: GenAI Frameworks in Use” shows, using INTERGATOR as an example, 
how companies can generate structured reports from recurring, automated queries without manual effort.

At the outset, the challenges of free-form chat queries are explained: high token and license consumption, 
the need for extensive contextual information, and inconsistent answers when questions vary. Building on 
this, the approach of predefined prompt templates is presented. These templates can be parameterized, 
versioned, and stored centrally in a configurable library. With the push of a button, users access vetted 
question sets, reducing API costs, making results more consistent, and significantly increasing efficiency 
in report creation.
A central focus is on semantic search: INTERGATOR combines classic keyword queries with embedding-
based relevance scoring and LLM-supported reranking. First, top hits (e.g., 25 documents) are identified via 
keyword search or a combined AI search. Then the system evaluates semantic similarity via embeddings 
and reorders the results with the help of an LLM to find more content-relevant documents faster. The issue 
of a fixed number of hits (“missing runners-up”) is also discussed, and approaches to work around it, such 
as adaptive pool sizes, are proposed.

Overall, the white paper shows how INTERGATOR, as a GenAI framework, helps companies increase the 
consistency and efficiency of their AI queries, reduce costs, meet security requirements, and enable sus-
tainable scaling. Decision-makers thus receive a practice-oriented guide for integrating AI-based search 
and reporting workflows safely and cost-effectively into their existing IT landscapes.

Executive Summary

interface projects GmbH is one of Germany’s leading providers of AI-powered enterprise search and infor-
mation management solutions. With INTERGATOR, we offer an intelligent platform that combines classic 
enterprise search, semantic AI search, and generative AI in a single solution. INTERGATOR enables fast, 
secure, and user-centric access to company-wide data – on-premises, virtualized, or in the cloud.

Our strengths lie in the combination of over 20 years of search expertise, modern deep-learning techno-
logy, and the flexibility to meet both precise and context-related information needs. INTERGATOR lays the 
foundation for applications such as RAG solutions, chatbots, automated analyses, and reports.
For over 30 years, we have been successfully delivering complex IT projects. More than 35 permanent 
employees develop customized search and knowledge solutions to the highest quality standards – ISO 
9001:2015 certified, process-oriented, and continuously improved.

Our customers are mid-sized companies, international corporations, as well as parliaments, ministries, and 
public administrations. The range of applications extends from highly scalable search systems to innova-
tive solutions and specialized, AI-based information systems.

About INTERGATOR / interface projects GmbH
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Free chat queries are unstructured, ad hoc ques-
tions posed to the LLM in which users have to put 
together wording and context themselves each 
time—unlike predefined, standardized prompt 
templates. Free AI queries can become very ex-
pensive because a lot of compute is required 
every time. When users ask questions in their 
own words, the AI system often generates long 
and detailed answers that are informative but 
also resource-intensive. The more complex the 
question, the more compute time the model re-
quires, which directly translates into higher costs 
per query. This becomes particularly critical when 
the same or slightly modified question is asked 
multiple times to test different nuances or obtain 
more precise information. In such scenarios, the 
cumulative token and API costs add up quickly, 
putting significant strain on the available budget. 
This cost explosion also makes reliable planning 
more difficult: spending can fluctuate sharply 
from month to month because it depends directly 
on the frequency and length of the queries.

Difference from keyword-based search

With traditional search engines, it is enough to 
enter a few keywords to find relevant documents. 
A user could simply type “maintenance manual 
machine X” and immediately receive a list of sui-
table files. With an AI query, on the other hand, 
you have to formulate a question that is as spe-
cific and complete as possible, containing all 
important details. Example: Instead of searching 
only for “maintenance manual machine X,” with an 
AI query you would need to make a comprehen-
sive request such as “Describe in detail the in-
dividual steps for maintaining machine X, inclu-
ding the recommended intervals, the required 
spare parts, and the safety precautions.” If the 
prompt does not contain all essential information, 
the model can only provide general or incomplete 
answers.

Need for context and background information

For the AI to deliver reliable and helpful results, 
it is often necessary to provide important back-
ground information as well. This includes, for 
example, the exact machine type, software ver-
sions used, affected production batches, or com-
pany-specific technical terms. If these details are 
missing from the prompt, there is a risk that the 
model will offer only generic suggestions or cite 
outdated, incorrect data because it does not cle-
arly recognize the specific use case. This means: 
Anyone who wants to receive a precise answer 

Challenges with “free” AI queries

must first invest time to gather and prepare all re-
levant context data. This approach significantly in-
creases the effort required before each query and 
can slow down the speed of the entire process 
flow.

Varying answers with different wording

Even small changes in how a question is phrased 
can cause the AI to produce different answers. If 
a user asks “What steps are required to maintain 
system Y?” instead of “How do I create a mainte-
nance plan for system Y?”, the result can vary gre-
atly—sometimes more detailed, sometimes more 
concise, sometimes presented in a different order. 
This inconsistency makes it harder to compare 
multiple answers and makes it difficult to deri-
ve standardized documents from them directly. 
In practice, that means you have to test several 
variants to find the best or most complete answer, 
which further increases the effort.
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Impact on user satisfaction and computational 
load

Because the delivered answers are not always 
the same, users often feel uncertain—they don’t 
know whether they have phrased the question 
precisely enough or whether they are missing im-
portant points. To reduce this feeling, they often 
try multiple wordings, which creates additional 
compute effort and therefore higher costs. These 
redundant queries place an unnecessary load on 
the systems in use and lengthen waiting times 
until a satisfactory answer is found. Overall, this 
leads to a significantly higher maintenance and 
workload, since multiple answers have to be che-
cked, compared, and, if necessary, manually mer-
ged in order to obtain a clear, complete picture.

3 Pillars of the GenAI Workflow

Before we go into the details, the entire process is 
divided into three central phases:

1.	LLM Tasks: Fast, reproducible, reusable Crea-
te automated sub-tasks per document, version 
them, cache them, and reuse them for open-
ended follow-up chats.

2.	LLM-based evaluation & filtering: Multi-do-
cument reranking Hybrid retrieval from initial 
keyword search, embedding-based reranking, 
and LLM filtering.

3.	Automated reports: consolidation & structu-
ring, selection of relevant documents, extrac-
tion per document, aggregation of summaries, 
and final report creation.

GenAI-based templates and recurring queries

LLM Tasks: Fast, reproducible, reusable

A prompt template is a predefined question de-
signed so that it can be reused repeatedly without 
having to be reworded each time. Prompt temp-
lates are prebuilt, versioned queries for complex, 
recurring use cases (e.g., monthly reports, risk 
analyses) that a specialist department needs 
again and again in a similar form. They differ from 
simple ad-hoc chats, which are used for one-off, 
different questions and where new context has to 
be prepared each time. Instead of free-form input, 
users select a template from a library. This tem-
plate contains placeholders for varying informa-
tion such as date, department, or product type. 
For example, a template for a maintenance report 
might look like this:

„Create a maintenance report for \[Machine 
name] dated \[Date], taking into account the 
following department requirements: \[Depart-
ment], and focusing on the product type \[Pro-
duct type].“

The placeholders are replaced with current va-
lues when the prompt is executed. This keeps the 
basic structure of the question identical, while the 
specific details can be adjusted. This flexibility 
ensures that the same template can be used in 
different situations without having to rephrase the 
questions from scratch every time.

Versioning and change log

When templates are used more frequently, it is 
important to be able to track changes. Versioning 
means that every adjustment to a template is sa-
ved, together with a change log. The log shows 
who made which change, when, and for what rea-
son. If, for example, a placeholder is added or a 
piece of text is reworded, a new version is crea-
ted. Old versions are retained and can be restored 
if needed. This makes it possible at any time to 
trace how a template has evolved over time and 
which version was in use at which point in time. 
This is especially helpful for audits or quality assu-
rance processes, because companies can trans-
parently document which questions were asked 
and how the results came about.
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Framework for central management of prompts

INTERGATOR offers a central platform where all 
templates are collected and managed. Currently, 
all of this takes place in a structured config file in 
which all templates are stored. In the project, the 
prompts are optimized together with the custo-
mer so that the configuration always reflects the 
latest requirements.

Parameterized placeholders and dynamic values

In INTERGATOR, placeholders within a template 
can be populated directly from the search index. 
Instead of static text, prompts use parameters 
that are automatically filled with information from 
the search index, which contains all relevant data 
and documents within the company. When the 
query is started, the system automatically retrie-
ves suitable metadata—such as document types, 
version statuses, or product information—and fills 
the parameters in the prompt. This eliminates ma-
nual input by the user, since all dynamic values 
are pulled directly from the search index. This in-
tegration increases the timeliness of the results 
and minimizes errors caused by manual entries.

Benefits for efficiency and consistency

Since all users use the same templates, it is en-
sured that every query is based on exactly the 
same question. This prevents different wording 
from leading to different answers. Users can rely 
on the structure and scope of the delivered re-
sults being the same in every run. A standardized 
maintenance report, for example, always contains 
the same sections: summary of the most recent 

maintenance work, open items, and recommen-
ded actions. This makes reports easier to compa-
re, because you can be sure they have the same 
structure and query the same KPIs. Caching also 
noticeably improves response times, since results 
can be returned immediately. At the same time, 
the system’s scalability increases, because fewer 
concurrent LLM calls have to be handled.

Reduced API calls through caching

Once a query has been executed, the result can 
be stored temporarily (caching). If the same query 
with the same parameters comes in again later, 
INTERGATOR returns the already stored result 
without having to call the LLM again. This saves 
token and API costs and reduces the load on the 
computing infrastructure. In many cases, the un-
derlying data changes only slowly, so a cached 
result remains usable for a longer period of time. 
In addition, the caching log can be used to see 
which templates are used particularly frequently, 
in order to make further optimizations.

Automated generation of structured reports

Templates can be designed to guide the AI 
model to output the response in a predefined 
structure—such as in table form, as a numbered 
list, or as an outline with headings. This gives the 
user not just a text, but a fully structured report 
that can be reused directly (e.g., as a PDF, Excel 
file, or in a BI dashboard). Manual post-proces-
sing is almost completely eliminated because 
the AI already summarizes all relevant informa-
tion in the required format. The result is clearly 
structured, immediately usable output.

Hydrogen Horizon - Hydrogen propulsion systems for ocean-going ships in 
the 21st century
Bellerophon > Springer Professional > Technology

A central technical problem in using hydrogen as a fuel on ships is its storage. Compared 
to traditional heavy fuel oil or diesel, hydrogen takes up a significantly larger amount of 
space, even when it is liquefied under high pressure or bound to metal hydrides. There 
are various approaches to hydrogen storage for maritime applications, including liquid 
hydrogen at cryogenic temperatures or compressed gas in high-pressure tanks. Each of 
these technologies has its own

28.07.2023, 17:50:25 3.7 MB 325 pages

PEM fuel cells on ocean-going ships
Hestia > Market research > Competition > Algos Ltd.

There are several alternatives to PEM fuel cells that can be used depending on the appli-
cation and specific requirements. Here are some of the most common alternatives: PAFCs 
operate at medium temperatures, usually between 150°C and 200°C. They were one of the 
first fuel cell technologies to be commercially available and are particularly robust and 
durable. However, their efficiency tends to be lower than that of PEM or SOFC cells.

23/02/2021, 09:10:17 523 kB 5 pages

DMFC as a hydrogen storage system in maritime environments
Ariadne > R&D > Projects > 15-2022 > Reports

Integrating hydrogen propulsion systems into ships also requires a rethink of ship 
architecture. Fuel cells can be manufactured in different sizes and configurations, which 
means they can be flexibly placed in various parts of a ship. However, it is important that 
they are positioned near the hydrogen storage system in order to minimize the transport 
and handling of hydrogen.

19/12/2022, 12:22:05 1.2 MB 15 pages

1. LLM Tasks: Fast, reproduci-
ble, reusable

2. LLM-based evaluation & 
filtering: multi-document re-
ranking

3. Automated reports: 
Consolidation & structure

Create a monthly clo-
sing report for the period 
{{start}} to {{end}} with a 
focus on sales figures and 
provide: 1. A brief summa-
ry of the most important 
developments.2. The top 3 
variances versus the budget 
with a brief cause analy-
sis.3. Recommendations for 
action for the coming month.
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The INTERGATOR search index is based on the 
idea that each document or each record is sto-
red as an individual entry. In this index, not only 
the pure content but also metadata and other 
enriched information are stored. When a search 
is started, the system scans these entries for 
matches by comparing both the metadata and 
relevant text excerpts and additional data. This 
approach ensures that all important information 
about documents and records is taken into ac-
count and enables targeted match detection, 
even if relevant details are present only in me-
tadata or supplementary fields. If a user enters 
keywords, the system searches the index and 
lists all documents that contain these words. This 
approach is very fast and efficient as long as the 
search terms are known precisely. However, it has 
a weakness: complex relationships or different 
phrasings are often not recognized. For example, 
if someone searches for “maintenance plan for 
plant X,” the index will indeed find documents 
with these exact terms, but not necessarily pa-
pers in which only synonyms or paraphrased wor-
ding appear (such as “service plan machine X”).

LLM-based rephrasing and context enrichment

A Large Language Model (LLM) can understand 
natural language much better. Instead of sear-
ching only for exact keywords, the model inter-
prets the meaning of a query and can rephrase 
it if needed. If the user enters a general question 
such as “What steps are required to maintain sys-
tem X?”, the LLM translates this query into a set of 
keywords and phrases that hit as many relevant 
documents in the index as possible. At the same 
time, the model can add additional terms that of-
ten occur in connection with maintenance, such 
as “inspection,” “replacement of wear parts,” or “sa-
fety checks.” In this way, results can be found that 
would be easy to miss with pure keyword search. 
At the same time, the LLM generates a more con-
text-rich search term that better matches the real 
content in the documents.

Hybrid search process in INTERGATOR: initial 
selection of hits (e.g., top 25 docs)

INTERGATOR combines classic keyword search 
with a semantic layer. First, the system searches 
the index for documents that match the rephra-
sed or expanded keywords. To limit the effort in 
the semantic part, INTERGATOR takes only the 
top hits (by default about 25 documents) into the 
next round. This selection ensures that only po-

LLM-powered search and semantic query optimization

tentially relevant documents are examined more 
closely, while the rest are discarded immediately.

Embedding-based relevance scoring

Once the initial documents have been determined, 
the semantic part comes into play. Each relevant 
document is converted into a vector (embedding), 
as is the original user query. An embedding is a 
mathematical representation that captures both 
the meaning of the document and the search 
term. INTERGATOR then compares the embed-
dings to calculate content similarity. Documents 
whose embeddings are very similar to the search 
term end up at the very top. This makes it possible 
to find documents that match thematically, even if 
they don’t contain any exact keywords.

Disadvantages of a fixed number of hits and 
“missing follow-up candidates”: scenarios in 
which relevant documents are overlooked

Setting a fixed number of documents (for exam-
ple 25) for semantic review has a drawback: If the 
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truly most relevant documents lie just outside this 
limit, they are not considered, even if some of the 
first 25 are later filtered out. Suppose the semantic 
evaluation filters out ten of the initial suggested 
hits because their content ultimately doesn’t fit. 
Normally, you would let other documents move 
up, which may have matched less well at the key-

word level but are now more relevant. With a fixed 
pool, it’s precisely these move-up candidates that 
are missing.

Handling pool limits and pool size

To mitigate the problem, the pool size can be in-
creased so that more documents are included in 
the semantic evaluation. However, this also in-
creases computational costs and latency. An al-
ternative strategy is to create a kind of buffer list 
after the first semantic pass: The next ten to twen-
ty documents beyond the fixed cutoff are already 
prepared in the background. If semantic filtering 
filters out documents, these buffer documents 
can quickly move up, without having to repeat the 
entire search process.

Reranking of results using LLM: Methodology of 
relevance reranking

After the semantic component has sorted the do-
cuments by embedding similarity, INTERGATOR 
adds one final step: LLM-based reranking. The 
model examines the contents of the documents 
selected so far in detail and evaluates how 
well each document specifically matches the 
original search intent. In doing so, it analyzes 
not only keywords, but also reads key passages, 
detects topic transitions, and determines which 
document provides the most comprehensive or 
most precise answer. In the end, the documents 
are ordered in a way that reflects the maximum 
relevant quality for the user.

Improving result quality

Through reranking, the user receives a results 
list in which the documents that best match in 
terms of content appear right at the top. This pu-
shes documents further down that are accurate 
at the keyword level but only match superficially 
in terms of content. At the same time, files move 
up that may not contain all the keywords but re-
present the overall context better. This ensures 
that users reach truly relevant information faster 
instead of having to work through poorly mat-
ching hits. Overall, this combination of index, 
embeddings, and LLM reranking leads to signi-
ficantly more precise search results and thus to 
greater efficiency in information retrieval.

Hydrogen Horizon - Hydrogen propulsion systems for deep-sea 
vessels
Bellerophon > Springer Professional > Technology

A central technical problem in using hydrogen as a fuel on ships is its storage. Com-
pared to traditional heavy fuel oil or diesel, hydrogen, even when liquefied under high 
pressure or bound to metal hydrides, takes up significantly more space. There are 
various approaches to hydrogen storage for maritime applications, including liquid 
hydrogen at cryogenic temperatures or compressed gas in high-pressure tanks. Each 
of these technologies has its own 

28/07/2023, 17:50:25 3.7 MB 325 pages

PEM fuel cells in ocean-going ships
Hestia > Market research > Competition > Algos Ltd.

There are several alternatives to PEM fuel cells that can be used depending on the 
application and specific requirements. Here are some of the most common alter-
natives: PAFCs operate at medium temperatures, usually between 150°C and 200°C. 
They were one of the first fuel cell technologies to be commercially available and are 
particularly robust and durable. However, their efficiency tends to be lower than that 
of PEM or SOFC cells.

02/23/2021, 09:10:17 523 kB 5 pages

Minutes: 08.07.2023
Bellerophon > Projects > 256-2022 > Minutes > 2023 > July

Dr. Jens Ahrenshagen is commissioned to conduct this market research. His many 
years of experience in the field of renewable energies and his solid expertise make 
him an ideal choice for this task. Dr. Ahrenshagen is tasked with carrying out a compre-
hensive analysis of the current market for hydrogen powertrains. In particular, potential 
fields of application, technological developments, competitors, as well as possible co-
operation partners and business models are to be examined.

08/07/2023, 16:01:02 1.1 MB 3 pages

DMEC integration of metal hydride storage units
Ariadne > R&D > Projects > 16-2023 > Pilot studies

The use of metal-hydride-based hydrogen storage systems on offshore drilling plat-
forms requires special consideration of pressure cycles and corrosion protection. This 
pilot study investigates how different alloys (e.g., LaNi₅ and FeTi base systems) behave 
under maritime environmental conditions, which heat removal concepts are necessa-
ry, and how an optimal tank layout can be implemented in limited space.

19.2.2023, 08:22:05 12.4 MB 125 pages

➊

➋

➌

••

DMFC as a hydrogen storage system in maritime environments
Ariadne > R&D > Projects > 15-2022 > Deliverables

The integration of hydrogen propulsion systems into ships also requires a rethink of 
ship architecture. Fuel cells can be manufactured in different sizes and configurati-
ons, which means they can be flexibly placed in various parts of a ship. However, it is 
important that they are positioned near the hydrogen storage system to minimize the 
transport and handling of hydrogen.

19/12/2022, 12:22:05 1.2 MB 15 pages

••

...

...

This example illustrates a classic ranking problem: 
the document that is most relevant in terms of content 
for your search (“DMFC as a hydrogen storage system 
in maritime environments”) ends up only in position 37 
of the overall results list. Since the system, by default, 
only returns the top 25 results, this highly relevant hit re-
mains hidden. Without a fallback mechanism or a dyna-
mic expansion of the results pool, it is guaranteed that 
documents beyond the cutoff are not displayed—even 
if they take priority in terms of content. This can lead to 
important information being overlooked, even though 
it is present in the index and thematically relevant. One 
solution would be to adaptively expand the results pool 
or explicitly load fallback results from positions 26–50.
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Creation of structured tasks and reports

The goal of structured reports is to bring together 
various document contents and metadata on a 
specific topic and produce condensed overviews. 
An example of this is instructing a prompt to col-
lect all search results related to project status 
XYZ and then first create individual summaries of 
the documents from the past week. The model 
then combines these individual summaries into 
a comprehensive overall overview that clearly 
presents key developments, important decisions, 
and open items.
Automated reporting workflow: example: mainte-
nance reports at the push of a button
In an industrial environment, maintenance reports 
are a classic example of recurring documents. 
Instead of compiling every piece of informa-
tion manually, a predefined prompt can gene-
rate a complete maintenance report. As soon as 
the user clicks “Create report,” the system auto-
matically gathers all relevant data: most recent 
maintenance data, current production volumes, 
consumables, and open tasks. The GenAI mo-
del inserts this data into a prepared structure, for 
example with an introduction, a section on com-
pleted work, and a section on upcoming measu-
res. This produces a complete report in seconds 
that maintenance technicians or management 
can use directly.
Configuration of parameters in the prompt
To ensure the maintenance report is always up to 
date, the prompt must contain parameters that 
are adjusted when it is called—for example, the 
report date, the affected equipment model, or the 
desired level of detail. These parameters are sto-
red in the config file or later via the user interface. 
When the user presses the button, they select the 
affected machine and enter the report date. The 
system automatically retrieves the correspon-
ding records from the search index, fills the pa-
rameters in the prompt, and starts generation. 
In this way, different report variants can be pro-
duced—such as a brief report for management 
and a detailed technician report—without having 
to create a new template.

Konfiguration von Parametern im Prompt

Time savings compared to manual post-proces-
sing
By automatically generating structured reports, 
companies save a significant amount of time. 
Where a technician or engineer previously had to 
collect data, sort it, and insert it into a predefined 
layout, today a single click is enough. In practice, 
this can mean that instead of several hours, only 
a few minutes are needed to obtain a complete 

maintenance or quality report. This time savings 
boosts productivity because skilled staff can fo-
cus on value-adding activities instead of manual-
ly preparing documents.
Standardization of business processes

When reports are always generated according 
to the same pattern, the error rate drops signi-
ficantly. Consistent structures make it easier to 
compare data across different time periods and 
plants. At the same time, it is ensured that all 
relevant information is included, because the 
template doesn’t forget any points. In the long 
run, this standardization contributes to higher 
data quality and enables better analyses. Ma-
nagement decisions are thus based on reliable 
and comparable information, which significant-
ly improves the predictability and control of 
production processes.

Standardisierung von Unternehmensprozessen

Wenn Reports immer nach demselben Muster 
erzeugt werden, sinkt die Fehlerquote deutlich. 
Konsistente Strukturen erleichtern das Verglei-
chen von Daten über verschiedene Zeiträume 
und Anlagen hinweg. Gleichzeitig wird sicherge-
stellt, dass alle relevanten Informationen enthal-
ten sind, da das Template keine Punkte vergisst. 
Diese Standardisierung trägt langfristig zu einer 
höheren Datenqualität bei und ermöglicht bes-
sere Analysen. Management-Entscheidungen 
basieren so auf verlässlichen und vergleichbaren 
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Informationen, was die Planbarkeit und Steuerung 
von Produktionsprozessen deutlich verbessert.

prompt_id: project_weekly_status
description: |
  Generates individual summaries for all documents found for a 
project within the specified period
  and then summarizes them in an overall overview.
template: |
  Collect all search results for the project “{{ProjektID}}” 
from the period {{StartDatum}} to {{EndDatum}}.
  For each document found, create a short summary (maximum 3–4 
sentences) in which
  the following points are included:
    - Document title and metadata (date, author, version 
status)
    - Central content and decisions
    - Open items or to-dos

  After all individual summaries have been created, set up an 
overall overview based on these individual summaries
  (maximum 5–6 sentences), which should include the following 
information:
    - Overall progress since {{StartDatum}}
    - Important decisions or changes during the course of the 
project
    - Identified risks or open items
    - Next steps and timeline through {{EndDatum}}

# Parameters that are replaced when executing the prompt
parameters:
  - name: ProjectID
    type: string
    description: Unique identifier or name of the project 
(e.g. “27-K3-2025”)
  - name: StartDate
    type: string
    format: YYYY-MM-DD
    description: First day of the evaluation period (e.g. 
„2025-08-15“)
  - name: EndDate
    type: string
    format: YYYY-MM-DD
    description: Last day of the evaluation period (e.g. 
“2025-08-22”)

Projektübersicht 27-K3-2025
KW 34/ 2025

Einzelsummaries

Projektstand 27-K3-2025: Statusbericht KW 34 vom 18.08.2025 (Dr. Johanna Leistner):
Der Bericht fasst den aktuellen Fortschritt zusammen und nennt erreichte Meilensteine. Das Team hat die 
Testphase für Modul A abgeschlossen. Off ene Punkte sind die Freigabe durch das Qualitätsmanagement 
und die Dokumentation der Prüfungsergebnisse.

Protokoll: Kundenmeeting am 19.08.2025 (Projektleiterin Annalena Schmidt):
Das Protokoll dokumentiert Entscheidungsgrundlagen und nächste Schritte: Der Kunde wünscht Anpassun-
gen am Zeitplan. Es wurde vereinbart, Details bis 24.08.2025 zu liefern.

Technische Spezifi kation Modul NX-12: 18.08.2025 (Yassin al-Durami):
Die Spezifi kation defi niert die Anforderungen für den Prototypen und enthält sowohl mechanische als auch 
elektrische Details. Freigabe steht noch aus, da letzte Tests ausstehen.

Risikoanalyse Projekt 27-K3-2025: 20.08.2025 (Dr. Andreas Schwertdner):
Die Analyse hebt potenzielle Verzögerungen bei Lieferanten hin, identifi ziert Engpässe in der Logistik und 
nennt Maßnahmenvorschläge (Backup-Lieferanten, Puff erzeiten).

Entwurf: Zeitplan für nächste Phase 17.08.2025 (Arne Krüger):
Der Zeitplan zeigt Meilensteine für die Implementierung und das Testing von Modul NX-13. Geplanter Start: 
01.09.2025, voraussichtliches Ende: 15.09.2025.

Gesamtübersicht Projektstand 27-K3-2025 (22.08.2025)

In der vergangenen Woche wurde Modul NX-12 erfolgreich getestet, während die Freigabe durch das Quali-
tätsmanagement noch aussteht. Das Kundenmeeting am 19.08. hat eine Anpassung des Zeitplans erfordert, 
die bis 24.08. fi nalisiert wird. Die Risikoanalyse zeigt potenzielle Verzögerungen durch Lieferantenprobleme, 
weshalb Backup-Strategien besprochen wurden. Das detaillierte Pfl ichtenheft für Modul NX-12 liegt vor, die 
Tests müssen jedoch noch abgeschlossen werden. Der vorgesehene Start der nächsten Phase (Modul NX-
13) ist für 01.09.2025 geplant, womit die Implementierung und das abschließende Testing bis Mitte Septem-
ber vorgesehen sind.

Relevant search results for a specific project topic 
are clearly presented in INTERGATOR. Metadata 
such as document title, date, and author are di-
splayed directly from the search index, so the user 
can see the most important information for each 
entry at a glance.

After selecting a predefined prompt template, the 
system pulls the parameters for the project status 
report from the search index. Placeholders such as 
project ID and time frame are automatically filled 
with the appropriate data. The model then genera-
tes structured individual summaries for each source 
found and consolidates them into a compact ove-
rall overview.

This gives the user a complete project status report 
in just a few seconds, without having to manually 
review or consolidate the individual sources.


